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Motivation
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[Williams et al. 2015]

question: which microscopic processes drive network evolution?

m understand and model social/biological/... mechanisms
m discriminate between networks by evolution
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Change processes: Triadic closure
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Change processes: Homophilic rewiring
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Change processes: Opinion adoption
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Frequent graph evolution rule mining Hasso
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Related work
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GERM LFR-Miner
[Berlingerio et al. 2009] [Leung et al. 2010]
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Contribution: EvoMine ﬂ Hasso
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Rule representation
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o(r | DN) := o’(8(X) | S’(DN))
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Embedding-based support

o(r | DN) := G(S@)'S(DN))

count subgraph embeddings:

minimum image based support
[Bringmann et al. 2008]

Hasso
Plattner
Institut

GFZ

Helmholtz-Zentrum
PoTsbAM

Detecting Change
Processes in
Dynamic Networks

Erik Scharwachter

Chart 13



Results on real data sets

DBLP 92-02 co-authorship network
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(a) o = 193,955 (b) o = 124,779 (¢) o = 109,741 (d) o = 95,300
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(&) o = 74,170 ) o = 72,305 (e) o = 71,629 (h) o = 68,598

Epinions trust network

Copee Tl Lobly Lobd

(a) o = 5,855 (b) o = 5,177 (c) o = 5,130 (d) o =4,997
@ O
@ o ./0 ?
(e) o = 4,948 (f) o = 4,881 (g) o =4413 (h) o0 = 4,354

minSup = 5000 (100), max edges = 5 (3)
O, With @ simple compression for memory efficiency
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Summary and outlook ﬂ Hasso
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